Using NSS data for 1993-94 and 2004-05 this paper highlights the impact of growing incomes, social and household decisions of households, and regional and ethnic factors on patterns of household level fertility in India. These have helped determine the composition of India's young (aged 9 to 34) today. Demographic transition is well underway in India with rising incomes associated with fewer children and smaller family size. The number of women in the childbearing age group significantly affects the number of children. Households with more women in the age group 26-35 have more children, are more likely to have children than not having them as well as having larger family size, ceteris paribus. Average education of females lowers household size whereas (instrumented) shares of expenditure on education and health have varying effects. The impact of a household being SC or ST varies by year and by the regression model chosen. Over both time periods Muslim households have more children and are more likely than the general population to have larger family sizes. Households in BIMARU states have more children and have larger family sizes as do urban households. Thus demographic transition has occurred unevenly across various groups in India.
I. Introduction
When the results of the 2011 Census of India were announced two factors were most noticed: (i) a reduction in the total fertility rate from 2.9 in 2001 to 2.62 in 2011, and (ii) deterioration in the gender balance, i.e., the number of girls per 1000 boys between the censuses of 2001 and 2011. For 0-4, 5-9 , and 0-6 year olds this fell from 939 to 891, 920 to 889, and 927 to 914 respectively.
While the first effect is usually taken as an indicator of the demographic transition associated with rising per capita incomes, the second is often cited as evidence of widespread gender bias in the Indian population. Considerable evidence (Jha et.al.. 2011) exists of sex selection tests and follow-up abortions if the fetus is found to be female.
However, since the Census does not include household level characteristics, identifying such characteristics that increase the chance of feticide is difficult with this database. Chaudhri and Jha (2013) used household level data for the National Sample Survey (NSS) rounds of 1993-94 and 2004-05 1 to identify characteristics of households determining the number of girl children relative to boys and found, ironically enough, that higher education of mothers and higher prosperity are each associated with increasing gender bias. Only when the product of the two reaches a relatively high level does gender bias start coming down.
In this paper I ask a question complementary to that in Chaudhri and Jha (2013), i.e., what are the determinants of the number of children in the household, i.e., the household's fertility? In particular I investigate, for the same data set as in Chaudhri and Jha (2013) , the determinants of the number of children (aged 0-14) at the household level.
An additional contribution of this paper is that it provides a profile of India's young from those aged 9 (born in 2004-05) to those who are 34 (those who were 14 in 1993-94). The plan of this paper is as follows. Section II discusses the data and empirical approach.
Section III elaborates on the results and section IV concludes from a broad policy perspective.
II. Data and Methodology
The National Sample Survey is one of the largest and most comprehensive household/enterprise surveys conducted anywhere in the world. The basic design of sampling flowed is a stratified two-stage (for small villages and urban blocks). For larger villages and blocks and sub-block formation a three stage sampling procedure is used. Regardless of this difference in stratification the ultimate stage unit is the household or enterprise.
Consistent with Chaudhri and Jha (2013) we use NSS data for the 50 th Round (1993-94 ) and 61
st Round (2004-05) and model the determinants of the number of children aged 0-14 at the household level. Three approaches are taken. In the first an OLS regression with robust standard errors is run to explain the number of children. The second approach involves using a probit model to explain whether a household has at least one child. Finally, in a multinomial logit analysis I model the determinants of one, two, three, and four or more children for the household in comparison to the state of having no children.
The Probit model The dependent variable, Y i, in our case is a dichotomous variable taking the value 1 if household i has at least one child, 0 otherwise. In the probit model used in this paper it is postulated that the realization Y i depends on a vector X of household and other characteristics. Any cumulative probability model meets the
where P is the Cumulative Distribution Function pre-selected in advance, and α and β are parameters to be estimated. Since P is strictly increasing it is possible to invert the function in (1) to write: 
Thus every sub-vector of  enters every marginal effect, both through the probabilities and through the weighted average that appears in j  . Standard errors are computed using the delta method.
The variables used in this paper are as follows. For the OLS model the dependent variable is the number of children aged 0-14 in the household, for the probit model the dependent variable is whether the household has at least one child aged 0-14, whereas for the multinomial logit model the dependent variables are whether (compared to having no children aged 0-14) the household has one, two, three or four or more children aged 0-14.
The independent variables for all the models are number of females in child-bearing age group, i.e., aged 15-25, 26-35 and 36-49 
III. Results
In Table 1 I present results on OLS estimation with robust standard errors of the number of children in the household. Three sets of results are presented -one for 1993-94, the second for 2004-05 whereas the final one presents differences in the coefficients for the respective variables across the two years and the significance of these differences. The key results are as follows. In both years the number of children is significantly higher the greater the number of females in the childbearing age (15-49) in the household. Indeed this effect peaks with the age group 26-35 of potential mothers and is lower for younger women (15-25) and older women (36-49). The (instrumented) number of girls Table 2 . Table 2 here.
Further, insight is provided by the results on the estimation of the multinomial logit model. In both years the higher number of females in the 15-25 age group in the household the higher the likelihood of having one child and the lower the likelihood of having two or three children; however, the probability of having four or more children is higher in both years. Across the two years differences between the responses are positive and significant for number of females aged 15-25 in the case of one child, two children, and three children and negative and significant for four or more children. For women aged 26-35 the difference between the two years is positive and significant for one child and three children and negative and significant for four or more children. Differences for females aged 36-49 were positive and significant for two children and negative and significant for four or more children. Differences for number of girls aged 5-14 and not in school were positive and significant for two children and for three children.
Differences for average education level of females were positive and significant for one child and three children and negative and significant for two children. Differences for log(MPCE) were positive and significant for one child and negative and significant for two children and three children. Differences for (instrumented) education share of total expenditure are positive and significant for two children, three children and four or more children and negative and significant for one child. Differences for (instrumented) health share of total expenditure are positive and significant for one child, two children, three children and four or more children. Differences for SC households are positive and significant for three children and four or more children.
Differences for ST households are positive and significant for three children and four or more children and negative and significant for one child and two children. Differences for Muslim households were negative and significant for one child and four or more children, and positive and significant for two children, and three children. Differences for BIMARU states were positive and significant for three children and four or more children and negative and significant for one child and two children. Differences for rural households were positive and significant for two children and negative and significant for one child and positive and significant for two children.
Results for the multinomial model are shown in Table 3 . 
IV. Conclusions
This paper has highlighted the impact of growing incomes, social and household decision factors 
